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Random walk

@ Random process

@ n-dimensional
@ Interesting properties
o Pascal’s triangle (1d)
e Markov chain
e Fractals (> 1d)
o Wiener process (Brownian
motion)
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What do we want?

@ We want to model n-dimensional random walk processes
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What do we want?
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2D model
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Fixed position?

Instead of [e,- = i /2] ]1,
o Fixed position (initial cell, final cell)
o Experiment position

o Random initialization

us

RGNC

14/19



Simulation
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Performance

Time passed
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Performance
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Future work

o Initial framework for experiments (Variants, Brownian motion. . .)
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